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Course Objectives

JProvide a broad understanding of Al, XAI, Generative Al, and Large
Language Models (LLMs).

JExplore current applications of these technologies in health research.

IDiscuss the benefits, challenges, and ethical considerations of using Al

in healthcare.

JEquip faculty members with the knowledge to identify opportunities

for Al integration in their research.
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“MD.ai

f= Clinical Information
Name
Clara Lavender

Accession

AX1737P

& Reporting

T -
MRN Age/Sex "MD.a [£] Reporting {Gpm ]
AZ123456 21F

Exam

XR Chest

E = Clinical Information
Description L

Name RN Age/Sex
] Clara Lavender AZ123456 2F
Chest Xray ATy o Eror
AXT737P XR Chest Chest Xray
— Write Preview .
Write Preview o) 2 ﬂ \!; [O ee
o]
Select (M4 ]
A @ 4
AA 8 & staging.md.ai ¢
Attach images by dragging & dropping, selecting or pasting them. [M4]




PATIENT NAME
) CIl | Shcoiens: sbos-4308-Bécs-s6a5963e0813

Liver

PatientlD
24c66e70-ab86-4309-84c6-4625983e0813

StudylnstanceUID
2.25.138317590911263879800921997298636732800

MODALITY
[ng

PLANE
AXTAL
SERIES NUM
1

INSTANCE NUM
9

SeriesinstanceUlD
2.25.271014695562563126516257538325356744842
S0PInstanceUlD
2.25.278357646223322813998813087816512235887



S gnao wod soboe bl
o W o l.w.w )é

:6»15 OleMb| & g w,m:[]
QS o SaS SVlEe o iz 8l 40 o Kidgh 4 g 00,5 ool 8 1) ele e polie s9zins 56l NotebookLM jDeepSeek aslbs slacbos %

L g b e g Codlw gladudg, J.o.l."uD

QLS oSS Loy ] gaud g o Lo slagsl slulis 4 (o)l )15 slaosls isls,» L Symptom Checker Chatbots ;Ada Health asle sla,l5l
Sy g slent Jolad Sgutel]

A....S‘SA r@.ml)_e ‘) Q‘)Lo':') WL@) 5 JLA-A?D&) LSLQ")ﬁL‘“A )...:L o uls.o‘ g MRS (0 43‘)‘ 9o o‘) )‘ ‘_giw).» Sloas LlVl sHealthTap asle ‘S’Lbul.’u} ’:’
loyd & oylslom (s ly il 581

QS o S8 hlews Jawg Sleyo sladsl p cole ;) Sgupp a0 ( Slaitin &l g 9,08 B yas (5,900L L OneRemission jFlorence slacbos %
algy ceodlw 31 el

QS o pal,d 1y o)l - 3Ll slayle e i S anlllas Sl g 00,8 ooliiwl Jtuzws Jleys slasluss 5 Wysa sWoebot asile lalpl %*

‘sﬁw"‘ » u’b’b ‘SUM_QISJ) ‘SJLUJLWD

QS o S8 yhlews S590] sl olelis 4o o Kimg 4 o)l p, 8 @Yl5w Ll L Your.MD ¢Inbenta Chatbot asbe glacbes %




Thank for your Attention
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Any Question?
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